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This brief focuses on moving AI product work from feature experimentation to strategic choices and measurable behavioral quality. It also covers outcome-based AI product redesigns and a sharper narrative for senior-PM interviews.
Big Ideas
Strategy—not AI features—sets direction
AI has reduced feasibility constraints, making value, usability, and viability the risks PMs must work hardest to resolve [1]. A useful decision stack asks five connected questions: where the organization is going, how it will get there, what matters now, what actions to take, and how to choose among them. Vision, strategy, objectives, opportunities, and principles provide one way to answer those questions from both top-down and bottom-up [1].
Apply it: Audit an AI initiative upward: which objective does it serve, which strategic choice supports that objective, and what would make the initiative a clear “no”? This exposes feature work that is not connected to strategy [1].
Tactical Playbook
Replace “ship and move on” with a behavioral operating loop
A ProductTank SF speaker’s survey of product and engineering leaders found that 85% lacked a process for taking AI prototypes to production, 75% lacked criteria for evaluating behavior changes after launch, and 43% lacked AI-specific risk mitigation or observability [2]. The proposed SIGNAL framework is designed for this gap.
1. Specify behavior. Define a Most Testable Behavior—an evaluation paired with a business KPI—rather than treating an MVP as sufficient [2].
1. Instrument before release. When prompts or prototypes replace conventional PRDs, add traceability and evaluation before production [2].
1. Guard and test. State which agent actions are permitted, supervised, or blocked; test across realistic workloads, using adversarial datasets where useful [2].
1. Use event triggers, not only sprint reviews. Reassess when a prompt or model changes and when production feedback reveals changed behavior [2].
1. Keep evaluation living. Monitor for drift after release rather than declaring work complete at launch [2].
Why it matters: This gives teams a concrete way to preserve product quality while development accelerates—even for teams using agents or cloud coding without launching a non-deterministic product [2]. Start with one letter of the framework on one project, rather than attempting an operating-model overhaul [2].
Case Studies & Lessons
Intercom redesigned the product and the pricing model
Rather than adding a chatbot to its existing product, Intercom created Finn as an end-to-end AI customer-service agent and shifted from per-seat pricing to 99 cents per customer resolution. The speaker reports Finn resolved more than one million tickets per week and reached more than $100 million in annual recurring revenue in under a year [1].
Lesson: When AI changes the unit of customer value, evaluate whether the business model should change too. Per-seat pricing rewarded more customer problems; outcome-based pricing tied revenue to resolutions.
Kive made a similarly fundamental shift after ChatGPT’s release: it discarded its asset-management product direction and focused on generative AI workflows for brands, including Polestar [1]. The common test: ask not “Where can we add AI?” but “What customer problem can now be solved in a fundamentally different way?” [1]
Career Corner
Make senior-PM interviews about the business problem
One PM community recommendation is to replace a résumé recap with three elements: the problem the company hired for, two or three examples showing you solved that kind of problem, and a company-specific 90-day plan based on the job description and roadmap [3]. Frame this around the company’s unique opportunity, why the role exists now, and the advantage your experience brings [4].
For senior roles, interviewers may also be looking for demonstrated scope, influence, metrics, and trade-offs—not technical depth alone [5]. Lived experience matters: strategy and systems work can take multiple quarters to demonstrate, and contrived cases are often distinguishable from work that has been tried, refined, and shipped [6].
Tools & Resources
· From Agile to SIGNAL: a framework for behavioral specifications, instrumentation, guardrails, event triggers, distribution testing, and ongoing evaluation [2].
· The Jevons paradox: a decision-stack approach to connecting vision, strategy, objectives, opportunities, and principles—particularly useful for testing whether AI work rises above feature-level experimentation [1].
· Your users don’t behave the way they describe themselves: a perspective on simulation-first validation. The speaker distinguishes LLM commentary from behavioral simulation and argues that fidelity must be tested through historic back-testing and real-world forward testing [7].
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