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Amilabs’ outsized world-model round is the clearest capital signal in this batch, while the strongest early teams are solving narrow, painful workflows in support, job search, agent memory, and retrieval. The broader pattern is a market shifting toward inference economics, grounded tooling, and founder-led products built from earned insight.
Funding & Deals
· Amilabs: €890M world-model round. Yann LeCun says Amilabs launched after his Meta departure became official on 31 Dec 2025, and the company raised an oversubscribed ~€890M round at roughly €3-3.5B pre-money [1]. CEO Alexandre Le Brun previously sold a startup to Facebook, later led engineering at the Paris research lab, then founded Nabla; Laurence Olly also joined from Meta’s Europe operations [1]. The thesis is JEPA/world models for real-world understanding, planning, robotics, industrial control, and predictive maintenance [1]. Nabla is already described as a privileged partner for healthcare applications [1].
· Regulated AI is still being financed like infrastructure, not SaaS. A renewable-grid startup is pre-MVP and pursuing HORIZON/EIC grants before building inside an EU-approved sandbox to meet AI Act requirements, after framing congestion and curtailment as a multi-billion-dollar European problem [2]. The core pushback in the thread was about liability and trust: start with prediction and suggested actions, get TSO feedback, and only later ask for live control [3, 4, 5].
Emerging Teams
· Arbyn: founder-market-fit in Shopify support. The founder cites seven years across ecommerce support environments, detailed ticket economics of roughly $2.70-$5.60 per ticket, and direct experience with why earlier AI support tools failed [6]. Arbyn handles email, chat, Instagram DMs, and Facebook Messenger from one inbox, can take Shopify actions inside the conversation, trains on a merchant’s actual sent emails for voice, uses a 50-conversation calibration phase, and prices at $99/month flat with unlimited conversations [6].
· Ninelayer: retrieval infra that only became useful once latency dropped. Early users said the product gave agents better context, more grounded responses, and citations that made outputs easier to trust [7]. The first version sometimes took ~40 seconds, so the team rebuilt retrieval and brought the same flow down to about 1.5 seconds for agent reasoning and planning workflows [7].
· Hiro: immigration-aware job search wedge. Built by an ML engineer after his own OPT job-search experience, Hiro aggregates 550K active jobs from 52 sources, scores each role semantically against a user profile, and layers 8.4M USCIS H-1B sponsor records on top [8]. The stack uses Next.js, GCP Cloud Run, Cloud SQL with pgvector, Vertex AI embeddings, and Gemini for the agent layer, and the product is already live [8].
· XTrace: managed memory API with a differentiated view of agent state. Its xmem SDK extracts facts, episodes, and artifacts from multi-turn conversations and uses AGM-style belief revision so changed preferences or corrected facts supersede old memories instead of accumulating as noise [9]. The system runs on PostgreSQL + pgvector with HNSW indexing, Redis caching, and multi-tenant isolation, and ships with an open-source TypeScript SDK plus docs [9].
AI & Tech Breakthroughs
· Inference economics are now a memory problem. vLLM’s PagedAttention improved KV-cache utilization, batching, and throughput by borrowing OS paging concepts rather than assuming contiguous memory [10]. The broader point is that modern LLM inference is memory-bandwidth bound: KV cache scales dynamically with users, batch size, and context length, and a 70B model can require hundreds of GB to multiple TB of KV cache at scale [10]. That is why the stack is shifting toward HBM, NVLink, unified memory, compression, quantization, and smarter cache management [10].
· World models / JEPA are re-emerging as a post-chatbot thesis. LeCun describes JEPA as a non-generative architecture that predicts in an abstract representation space instead of reconstructing every detail, and describes world models as systems that predict the effects of actions so they can plan toward goals [1]. He explicitly says he believes 2026 will be “the year of the World Model” [1]. Amilabs is commercializing that direction into robotics and complex industrial systems [1].
· Local inference keeps getting more practical. Clement Delangue highlighted llama.cpp with MTP support moving Qwen3.6-27B dense generation on an A10G from 25 tok/s to 45 tok/s, a 78% speedup that makes local models more plausible as daily-driver tools [11].
· AI math is being framed as novel idea generation, not just faster search. One highlighted case describes an OpenAI model solving the Erdős unit-distance conjecture by connecting algebraic number theory to geometry, with a Princeton mathematician refining the result and Tim Gowers indicating the proof could meet Annals of Mathematics standards [12]. The significance, as framed in the source, is AI doing mathematics differently rather than merely faster [12].
Market Signals
· Earned insight remains the cleanest founder filter. One founder-quality test circulating on X argues that the best companies come from a specific, earned insight rather than generic AI for X pitches, while weak teams often build something nobody asked for and avoid direct user truth [13]. Paul Graham separately argued that founders who start too early often have not had time to develop that earned insight [14]. Several teams in this batch are grounded in explicit lived pain: Arbyn in ecommerce support, Hiro in OPT job search, and DriftWatch in day-to-day data engineering problems inside finance settings [6, 8, 15].
· The near-term agent opportunity is the ‘cerebellum,’ not the ‘prefrontal cortex.’ Garry Tan’s framing is that routine tasks should become reflexive automation, and that most agent frameworks will fail by treating all cognition as high cognition [16]. The commercial examples in this batch skew that way: Shopify support actions, managed memory layers, and faster retrieval for grounded responses [6, 9, 7].
· Latency, grounding, and memory are hardening into distinct infra layers. Ninelayer only became usable to agents after retrieval fell from ~40 seconds to ~1.5 seconds [7]. XTrace is packaging memory so developers do not have to build vector stores, dedup logic, and session state themselves [9]. The vLLM discussion points to the same conclusion one layer lower: memory, not raw FLOPs, is becoming the economic bottleneck in inference [10].
· Regulated verticals will likely enter through decision support, not full autonomy. In the renewable-grid thread, feedback centered on liability, TSO trust, and the need for human-approved suggested actions before live control [3, 4]. The founder’s immediate next step is stakeholder discovery with Romania’s TSO and EU research centers, not deployment [5].
· Technical sophistication alone is not a go-to-market strategy. Xipen’s team combines a bioinformatician and two math PhDs, has a live product, working Stripe integration, daily updates, and institutional-style modeling for 12,000+ stocks, yet reports only four paid users at €10/month [17].
Worth Your Time
· LeCun on why world models now. Best primary-source explanation in this batch of JEPA, world models, and why they matter for planning, robotics, and industrial systems [1]. YouTube interview
“À mon avis, 2026 va être l’année du World Model.” [1] [image: https://img.youtube.com/vi/l3m3RZNgDdw/hqdefault.jpg] YANN LE CUN RÉVÈLE LES PLUS GROS MENSONGES SUR L’IA (65:16)
· The vLLM/PagedAttention essay. Useful if you want a compact argument for why long-context serving is becoming a memory-architecture problem, not just a model-size problem [10]. Reddit post
· Garry Tan’s cerebellum post. A crisp framework for sorting durable agent products from planning-heavy demos: the winning systems may be the ones that make boring tasks reflexive first [16]. X post
· Arbyn’s operator essay on ecommerce support. Worth reading for concrete support economics, why earlier AI support tools failed, and what product choices matter in this vertical [6]. Reddit post
· XTrace’s memory SDK and docs. Useful diligence material if you are evaluating managed-memory infrastructure for agents, especially around contradiction handling and state history [9]. GitHub · Docs
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