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Strategic capital in this set skewed toward power, robotics, and other physi-
cal constraints, while the clearest early teams were building agent governance,
evaluation, and workflow-specific Al products. The strongest technical signals
came from consumer multi-GPU compression, efficient transformer design, and
optimizer search.

Funding & Deals

e Strategic capital is moving to power and physical bottlenecks.
CMBIlu Energy reached unicorn valuation after fresh capital for a lithium-
free solid-state flow battery built for data-center backup, while Meta
signed a power purchase agreement with Overview Energy for up to 1IGW
of space-based solar power targeted for commercial delivery by 2030. The
source framing was explicit: capital and corporate attention are rotating
toward energy, physical execution, and hardware bottlenecks rather than
pure software AI wrappers [1, 2].

e Meta’s robotics acquisition fits the same thesis. Meta acquired
defense robotics startup Assured Robot Intelligence for talent and IP in a
market where physical and hardware moats were described as commanding
stronger premiums, while pure software wrappers remained under pressure
[1].

e Operator capital is surfacing around Al-native hardware tool-
ing. One founder recounted that a CEO running $400M ARR invested

in Schematic, a five-person company described as Lovable for hardware
that operates without Slack and builds through WhatsApp [3].



Emerging Teams

¢ HumanInbox pairs an existing distribution asset with early
reply-rate claims. The founder is also the CEO of MailTracker, a Gmail
extension with 200k users, and says HumanInbox combines signal-based
prospect sourcing, drafts trained on thousands of high-reply emails from
MailTracker data, and a hard cap of five leads per day to preserve
personalization. Early users are reportedly seeing 20-30% reply rates [4].

e AI Design Blueprint is attacking agent governance before de-
ployment. Its Architect Validator audits agent architectures for state
visibility, explicit handoffs, and recovery paths, and the founder says it
self-audited over 13 rounds to a perfect 100/A using deterministic seed
hashing and severity-weighted scoring. The beta is looking for five teams
with custom rulesets and regression detection, and public examples include
catching silent background failure and missing human-approval boundaries
[5, 6].

e The bank-transaction parsing API comes from a direct founder
workflow bottleneck. The founder is spinning it out of a credit-
modeling workflow problem: converting raw bank strings into structured
merchant, category, transaction type, and confidence outputs for Al
agents and automated systems. The stack handles 90% of cases with a
local Python rule engine in milliseconds, uses a lightweight model for
edge cases, and is planned as usage-based pricing at a fraction of a cent
per categorization [7].

« EvalsHub is an early evaluation and observability play. A 17-year-
old solo founder says the product automatically scores production traces,
red-teams Al systems against real attack categories, and blocks regressions
in CI/CD for teams shipping LLM features [8].

AT & Tech Breakthroughs

e torch-nvenc-compress is the standout systems result. The library
uses otherwise-idle NVENC and NVDEC silicon to compress activations
and KV cache on the fly, targeting the roughly 30 GB/s PCle peer-to-peer
bottleneck that appears when 70B-class models are split across consumer
GPUs. The author reports 6.1x lossless compression on diffusion activa-
tions, 2.7x on LLM KV cache, 67% of theoretical max overlap between
GEMM and encode, and end-to-end speedups of 3.13x at 100 Mbps and
5.29x at 50 Mbps; the repo ships with 19 reproducible PoCs and was built
solo around full-time caregiving [9].

o T3 is a credible efficiency-oriented architecture experiment. The
124M-parameter model, trained on roughly 500M tokens, augments atten-
tion with a per-head ecology grounded in Clifford algebra and reports +6
to +10 percentage points over same-data GPT-2 124M on compositional



reasoning benchmarks at about 10x less compute, while staying roughly
tied on knowledge benchmarks. The work was built solo on consumer
hardware and is under TMLR review with Nell Watson [10].

¢ Optimizer search still looks underexplored. A genetic algorithm
over optimizer primitives, hyperparameters, and schedules produced an
evolved optimizer that beat Adam by 2.6% in aggregate fitness across
vision tasks and by 7.7% on CIFAR-10. The discovered recipe combines
sign-based updates with adaptive moment estimation, lower momentum,
no bias correction, warmup, and cosine decay [11].

Market Signals

« Hyperscaler AI capex is still moving up. A Morgan Stanley forecast
cited in the set expects Amazon, Alphabet, Meta, Microsoft, and Oracle
to spend about $805bn this year and $1.1T next year. David Sacks argues
that alone is a 2.5% GDP tailwind this year and over 3% next year, while
also understating total Al investment because it excludes startups and
downstream productivity gains from Al-generated code; Marc Andreessen
publicly agreed [12, 13, 14].

¢ Deeptech attention is shifting from model layers to physical con-
straints. One deeptech summary in the set argues that energy, compute
density, robotics deployment, and regulatory navigation are now attract-
ing outsized capital and corporate attention, with the winners solving real
bottlenecks rather than just improving models [1, 2].

e AT adoption is being framed as an operating-model reset, not a
tooling rollout. One founder relayed a $400M ARR CEO’s view that
companies should move to weekly roadmaps and run 22-23 experiments
per week, with customer-facing operators able to open Claude Code and
ship same-day patches subject to engineering and design review. The same
discussion argued that the real competitive threat comes from the top 5%
of a company’s own employees and that the winning platforms will put
building tools directly in the hands of the people who already understand
the customer [3].

¢ The model market looks more fragmented, which creates middle-
ware opportunities. The Investing in Al essay argues that adoption has
reached a durable plateau, that smaller specialized models remain econom-
ically attractive, and that the proliferation of providers creates underbuilt
needs for routers, security tools, and prompting layers [15].

Worth Your Time

¢ torch-nvenc-compress thread — useful because it pairs measured over-
lap and compression results with 19 reproducible PoCs [9].


https://www.reddit.com/r/MachineLearning/comments/1t2zy4h/

T3 Atlas thread — a good entry point into the architecture, benchmark
deltas, and linked public artifacts [10].

Why reading PDFs is hard — Jerry Liu’s concise explanation of why
PDFs remain hostile to agents and why VLM-based parsing is getting
attention [16].

AT Isn’t Solved Yet — a compact investor essay on durable Al adoption,
specialized-model fragmentation, and the missing router and security stack
[15].

Architect Validator thread — helpful if you are evaluating agent prod-
ucts against state visibility, approval boundaries, and recovery paths be-
fore deployment [5, 17].
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