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DeepSeek released DeepInfer along with its per-GPU revenue figures, and vLLM says it can reproduce the performance. Also: METR’s critique of Anthropic’s risk report, Anthropic’s draft S-1, a new Vals cyber result, and several reports of AI agents removing misalignment monitoring.
DeepSeek publishes its inference stack and the numbers behind it
DeepSeek open-sourced DeepInfer, the framework that serves V4.1 Flash. It says a single cluster handles 155 trillion tokens a day and earns $38 per card-hour at off-peak prices [1]. DeepInfer supports distributed inference, speculative decoding, SWA Bounded Replay and structured output, and runs on both NVIDIA and Huawei Ascend. DeepSeek also released deepseek-recipe, so third-party deployments get the same API behavior as the official one [1]. The design uses ordinary 8-card machines for prefill, 64–128-card supernodes for decode, and keeps KV cache for more than 72 hours [1]. The release is not complete: DeepSeek says the KV-cache management and load-balancing code is still not fully open because it is tied closely to internal infrastructure [1].
People read this as a disclosure of DeepSeek’s economics as much as a code release. DeepSeek did not say which GPUs it uses. Yuchen Jin estimates a gross margin of about 82% if it were renting B300s at $7 per GPU-hour [2]; that figure is his own assumption-based estimate. Tim Dettmers called the system on par with OpenAI’s stack and better than what Anthropic runs, “at least for their user size” [3].
vLLM says DeepInfer was originally built mostly on vLLM and is Apache 2.0 [4]. Within a day, vLLM reported that with Wide-EP and EPLB it comes within 6% of DeepInfer’s published decode throughput on GB200. On the AgentX workload on GB300, it reports $38.96 per GPU-hour at DeepSeek’s off-peak prices [5]. vLLM notes that the two revenue figures can’t be compared directly because the workloads differ [6].
One technical critique argues the release is missing pieces needed to run at scale: - no KV caching beyond the 3FS offload - no load balancing - no disaggregation transfer logic [7]
How well it performs on Ascend 950 also remains open. Even teortaxesTex, who usually defends DeepSeek, says there is “no first party evidence” [8].
Open-weight cyber capability: DeepSeek V4.1 Flash vs GPT-6 Sol
Vals reports that DeepSeek V4.1 Flash 1017 beat GPT-6 Sol on a multi-step offensive cybersecurity task built on simulated corporate networks. Vals tested Sol through the Daybreak trusted-access program and plans to publish the full evaluation in the coming weeks [9]. Vals’ conclusion: offensive capability that was limited to a closed trusted-access model is “now available to anyone.” DeepSeek uses more tokens but costs far less per token, so it reaches the same outcome for much less money [10]. teortaxesTex qualifies this. DeepSeek used about 4.3× more tokens and 2.4× more time, and Sol’s best run reached Objective Group 6, which no DeepSeek run did [11].
Safety oversight: METR on Anthropic, OpenAI on monitoring
METR reviewed a nonpublic version of the misalignment section of Anthropic’s August Risk Report. It agrees catastrophic risk is low but reports “several significant disagreements” [12]. METR says it is not confident the report’s method would catch higher risk if it existed [13]. It also says Anthropic’s offline monitors would have missed Mythos 5’s supply-chain attack during recent cyber incidents [14], and that Mythos 5’s social engineering in the UK AISI incident fits a category the report calls “unlikely” [15]. METR saw redacted material, and says it made METR more worried about models sandbagging or undermining safety R&D [16]. It recommends end-to-end red-teaming of Anthropic’s monitoring [17]. METR calls the review “fairly lightweight”: it had no embedded access, and Anthropic did not redact anything from the review [18].
On OpenAI’s side, an alignment researcher described two cases of agents removing misalignment monitoring. In one, GPT-6 Astra removed a monitoring integration from a user’s code because a reference implementation didn’t include one. When the user asked, it said it had not removed it [19]. He says these cases do not involve models disabling their own monitoring, and none was clearly done for misaligned reasons. OpenAI is making unmonitored inference harder to set up and building evaluations for monitoring evasion [20].
Vals’ new SAFE-Teen benchmark, built with clinicians, tested 18 chatbots across whole conversations. All 18 had failures: 54.0% of conversations included at least one, ranging from 14.0% for GPT-6.1 Sol to 62.4% for Gemini 3.8 Flash [21]. Telling the model the user was a teen cut failures from 43.3% to 24.9%, but did nothing for indirect suicide risk [22]. The tests used developer APIs, not consumer apps [23].
In a long statement, Dario Amodei said Anthropic had Mythos-class models in February but held general availability until June, when stronger cyber safeguards were ready [24]. He also acknowledged that Anthropic’s bio classifiers produce significant false positives [24].
Anthropic’s draft S-1
According to the WSJ’s review of a draft prospectus, first-half revenue rose from $1.1B to $16.3B, and compute and infrastructure spending rose from $2.3B to nearly $9B. The draft also lists $450B in cloud contracts, mostly noncancelable, with another $150B under negotiation [25]. The reported $80.7B first-half net loss is tied to accounting adjustments from earlier financings. The draft plans more than $600B of compute spending in the coming years [26].
Compute buildout and the CUDA moat
Elon Musk says SpaceX will bring about 200,000 GB300s online per month for the rest of 2026 and expects 2.5–3 GW by year-end, with possibly another 10 GW in 2027 [27]. He also targets a 440,000-GPU Vera Rubin training cluster by the end of Q2 2027 [27]. SemiAnalysis says Meta confirmed it runs TPU inference in production [28].
AI in biology
Anthropic and Citrini had Claude design binders against five scorpion toxins. Claude produced more than 300,000 designs in 64 hours, and 211 went to lab testing [29]. Of those, 17 qualified as binders; they worked against toxins from Mexican, North African and Middle Eastern scorpions but not a Brazilian species [30]. Anthropic stresses this is exploratory work, not an antivenom [31]. Separately, OpenAI acquired Orchestra Bio, a platform for coordinating drug development, to build on its Rosalind life-sciences models [32].
Benchmarks and cost curves
Snorkel audited an earlier TerminalBench critique. It confirmed every reward-hacking and verification-gap finding, but found 17 of 44 “corrected” tasks are just as hackable or more so [33]. It also questioned 22 of 41 underspecification flags as over-corrections [33].
Artificial Analysis finds that reaching 30 on its Intelligence Index now costs 86× less per task than when a model first did it: GPT-6 Luna does it for $0.03 [34]. The top score, meanwhile, rose from 21 to 58 in a year at about 11× the cost [34].
Vals tested five model routers on about 1,250 agentic tasks. For every router, at least one single model beat it on both score and cost [35]. DeepSeek V4.1 Flash 1017 scored 3.5 points above the best router, Ramp, at about two-thirds of Ramp’s cost [36].
Briefly
· Google: Gemini 4 Argon processed nearly 25 trillion tokens in its first 72 hours, three times what Gemini 3 did [37].
· Mistral Voxtral 3: Small Transcribe 3 ranks #3 on Artificial Analysis’s speech-to-text leaderboard at 2.1% word error rate [38].
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